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R≈0.701, p << 0.001
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1. Overall Approach

4. Dynamically-Equipped Video Foundation Models Better Match Both Human Behavioral & Neural Response Patterns Across Environments

2. Comparison to Human Physical Judgements

Task Accuracy & Matching Human Error Patterns are Related

3. Neural Response Predictivity Strongly Separates Models
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Soft-body interactions could be improved
uniformly across models
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